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Abstract

Purpose: The study was justified, given the abundance of research evidence on the negative impacts of voluntary
turnover on SMEs as well as the paucity of studies that are related to the consequences of turnover in the SME
domain.

Aims: This paper was aimed at examining the potential for a negative relationship between voluntary employee
turnover and organizational tacit knowledge within small and medium enterprises. It also examined the possibility
for level of investment in human capital to moderate the relationship between voluntary employee turnover and
organizational tacit knowledge.

Design/Methodology/Approach: This study was designed as a quantitative study—Likert-based data were
collected electronically, and analyzed, using regression and correlation models. Further, a job embeddedness scale
was employed to measure turnover intention; turnover rates were employed to measure actual turnover and a tacit
knowledge scale was employed to measure organizational tacit knowledge.

Findings: A significant and negative relationship was found between voluntary employee turnover rates and
organizational tacit knowledge. However, only one of the six sub-dimensions of job embeddedness was negatively
related to voluntary employee turnover rates. With the aid of a regression model, level of investment in human
capital was found capable of moderating the relationship between organizational tacit knowledge and voluntary
employee turnover rates in one of the years examined. These findings provide partial support for three of four
hypotheses.

Limitations: This study was limited by lack of job embeddedness and tacit knowledge theories and measurement
scales that are built on data collected from small and medium enterprises—suggesting the need for these theories to
be developed in future studies.

Practical Implications: The need for more practical investments in human capital to reduce turnover, while
increasing organizational tacit knowledge is strongly reinforced.

Originality/Value: The potential negative relationship between voluntary turnover and organizational tacit
knowledge would deepen the knowledge and insights of human resource managers, knowledge managers and

scholars in these domains.

KEY WORDS

Voluntary Employee Turnover, Organizational Tacit Knowledge, Job Embeddedness, Human Capital Investment,

SMEs

JEL Code: J63, D80



S21VCO008

INTRODUCTION

For close to one hundred years, researchers have been attempting to understand, predict and prevent
voluntary employee turnover in organizations (Hom et al., 2017). While some scholars suggest that the
bulk of theory-based studies on employee turnover started in the 1970s, it was around 1913 at the General
Electric Company that the first attempt at investigating and publishing the costs associated with turnover
was flagged off (Haines et al., 2010). Despite these debates on the history of turnover studies, it has been
argued that more than 1,500 published articles on employee turnover have been generated by scholars in
the USA and in Europe alone (Aiello, 2018). The research into the dynamics of turnover has yielded
many findings, including the classification of turnovers into voluntary and involuntary employee
turnovers (Latukha, 2018; Batt and Colvin, 2011); functional and dysfunctional turnovers (Wallace and
Gaylor, 2012); and labor turnover (Basterretxea and Storey, 2018). For the purpose of this study,
voluntary employee turnover was chosen as the main research focus. According to Dess and Shaw (2001,
p-446), voluntary employee turnover is, “an employee's decision to terminate the employment relationship
with an employer”, while voluntary employee turnover rate refers to “the proportion of employee
departure initiated by employees” (Park and Shaw, 2013, p. 270). In practice, Morell (2002) argues that
voluntary employee turnover rates can be calculated using the following formula:

Voluntary employee turnover rate = Leavers in a year * 100

Average number of staffs in post during year
Voluntary employee turnover seems to be dominating the interests of scholars around the world, given its
high likelihood to add significant costs to organizations (De Winne et al., 2018). Globally, it remains an
issue of concern to organizations and human resource managers as evidenced by the current turnover
trends in figure 1. Some of the typical costs associated with voluntary employee turnover include training
costs of new employees; lost sales and lost revenue; dampened morale of remaining employees (Park and
Shaw, 2013; Babatunde and Laoye, 2011, p. 269); loss of competitive advantage (Latukha, 2018); and
loss of valuable tacit knowledge (Ma et al., 2018). However, some studies have also indicated that
voluntary turnover isn’t all about negative consequences as it’s possible in the case of functional turnover,
for organizations to benefit from the replacement of poor performing employees, who voluntarily quit
their jobs, with better performing employees (De Winne et al., 2019). In particular, the loss of tacit
knowledge as a potential consequence of voluntary employee turnover represents a dominant aim of this
study, given that the human capital literature has noted a possible negative relationship between both
concepts (Goldin, 2016). Further, Goldin (2016, p.6) views human capital as, “the stock of skills the labor
possesses”. At the root of the human capital literature are Solow (1957) and Mincer (1958), two
researchers whose works have contributed to the present scope of knowledge in the domains of human

capital and human capital investment (Bailey et al., 2013). Aside from their contributions, many other
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studies have, over the years, affirmed a form of relationship between turnover and human capital (Wei,
2015; Campbell, 2012a), and between human capital and tacit knowledge (Mahoney and Kor, 2015).
Tacit knowledge is a concept deeply rooted in the knowledge management literature (Herschbach, 2017;
Moleski, 2017), and is regarded as the main alternative to explicit knowledge (Garrick, 2018). Given its
more recent history, tacit knowledge is widely regarded as a category of knowledge that is difficult to
measure, codify and transfer (Barley et al., 2018), while explicit knowledge seems more codifiable and
transmittable (Schoenherr et al., 2014). However, despite these broad classifications of knowledge into
tacit and explicit types, the tacit knowledge concept in particular has also been categorized into individual

tacit knowledge and organizational tacit knowledge.

Figure 1: Employee Turnover Rates by Country
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According to Wang et al. (2018), individual tacit knowledge is peculiar to individuals and is a type of
knowledge that’s acquired through cumulative experience, while organizational tacit knowledge is an
enterprise-wide type of tacit knowledge that’s resident in the head of individuals within different groups
(Gourlay, 2006). Given that research has identified a link between human capital at the firm level and
organizational tacit knowledge (Mahoney and Kor, 2015), it seems likely for levels of investment in
human capital, such as investment in training to influence the degree of organizational tacit knowledge in
an organization. However, despite the potential for voluntary employee turnover to add significant costs
to organizations, it seems like the bulk of researchers’ efforts has been focused on its antecedents and
causes, rather than on its consequences, such as the loss of organizational tacit knowledge (Maltarich et

al., 2010), a major research gap that this paper seeks to address (Jones et al., 2010).
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In the past, many studies that were built on the traditional models of turnover have identified antecedents
of voluntary employee turnover as job satisfaction (Kacmar et al., 2006); job availability (Maertz and
Kmitta, 2012); and alternatives (Lee, 2008). More recently, other studies, categorized as contemporary,
have identified the job embeddedness theory as a more effective means of understanding the dynamics of
voluntary employee turnover (Mitchel et al., 2001). According to Yao et al. (2004, p.155), “job
embeddedness is the combined forces that keep a person from leaving his or her job”. The job
embeddedness theory is built on the concepts of links, fits and sacrifices and is ultimately underpinned by
six operational variables—"link to organization, fit to organization, sacrifice to organization, link to
community, fit to community and sacrifice to community” (Michelle et al., 2001, p.1108). In a previous
study, Mitchell et al. (2001) noted that job embeddedness was successful at predicting, not just turnover
intention, but actual turnover rates. However, research has also noted that very limited studies have
attempted to apply the job embeddedness theory within the small and medium size organizational context,
given its very recent history (Ampofo et al., 2017, p.2). Most especially, small and medium enterprises
are traditionally noted for being averse to voluntary employee turnover due to their limited resources
(Morgan, 2019). Given this gap, this study also seeks to examine the possibility for a negative
relationship between voluntary employee turnover rates and job embeddedness within a small and
medium size organizational context. Finally, it also seems likely for levels of investment in human capital
to be a moderator in the perceived negative relationship between voluntary employee turnover rates and
organizational tacit knowledge and the perceived negative relationship between job embeddedness and
voluntary employee turnover rates within a small and medium size organizational context. Against this
background, this study proposes the following conceptual model as the underlying model for the current

study.
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FIGURE 2: PROPOSED CONCEPTUAL MODEL
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Further, by employing empirical data gathered from 150 small and medium size enterprises in the Greater
Toronto Area of Ontario, Canada to test the validity of a proposed conceptual model, this study
contributes to academic research in three different ways. First, the negative relationship between
organizational tacit knowledge and voluntary employee turnover rates is tested using correlation methods
(H1). Secondly, the negative relationship between job embeddedness and voluntary employee turnover
rates is tested using correlation methods (H2). Finally, with the aid of linear regression, the moderating
roles of level of investment in human capital in the relationship between organizational tacit knowledge
and voluntary employee turnover rates and in the relationship between job embeddedness voluntary
employee turnover rates are examined (H3a & H3b). By doing this, four hypotheses will be tested, and
the results will be presented and discussed as a means of bridging the above identified gaps in the tacit
voluntary employee turnover research.
THEORY AND HYPOTHESES
TACIT KNOWLEDGE THEORIES

The difficulties associated with measuring and operationalizing tacit knowledge seem to be the bane of
the lack of a widely acceptable theory for understanding the dynamics of tacit knowledge (Chynoweth,
2012). Given the widespread understanding that tacit knowledge can be individual or organizational
(Wang et al., 2018), two main theories underpin the tacit knowledge conversion process. First, Nonaka
and Takeuchi (1995) as shown in figure 3 discussed the “BA Theory”, which is a theory for
understanding tacit knowledge conversion processes. According to Clarke (2010), the original creator of
this model was a Japanese philosopher by the name Kitaro Nishida in the 1950s. This model supports the

idea that, while it is generally difficult and challenging to transfer tacit knowledge from one person to
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another, it is still relatively possible to develop new ideas and trainings in organizations that facilitate the

conversion and transfer of tacit knowledge to explicit knowledge.

FIGURE 3: THE BA MODEL FOR TACIT KNOWLEDGE CONVERSION

ORIGINATING BA INTERACTING BA
(Tacit to Tacit) @ (Tacit to Explicit) E
EXERCISING BA CYBER BA

(Explicit to Tacit) @ (Explicit to Explicit) E

Source: Clarke (2010, p. 44)

FIGURE 4: THE SECI MODEL
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Source: Clarke (2010, p. 47)

Secondly, Nonaka et al. (2000) discuss the “SECI Model” in figure 4 as another approach for
understanding how tacit knowledge can be shared and transferred. The SECI model according to Clarke
(2010), is an acronym for Socialization; Externalization; Combination; and Internalization, and one that
enhances the process of understanding the activities that occur while attempting to convert tacit
knowledge into another tacit knowledge or into explicit knowledge. Interestingly, the BA and SECI
models seem to support the possibility that organizational tacit knowledge can be measured and
quantified, a development that is the central focus of this paper. Over the years, many attempts have been
made at operationalizing and measuring individual and organizational tacit knowledge. For example,
Sternberg et al. (1993, 1995 & 2000) developed an individual tacit knowledge measurement scale which
was adopted by Insch et al. (2008) in an empirical study and which has also been adopted in many other
studies. However, because this scale only focused on the measurement of tacit knowledge at an individual
level, this scale seems not appropriate for the present study. Further, some other methods for measuring
organizational tacit knowledge have been developed, some of which include the use of proxy variables
(Berman et al., 2002; Edmondson et al., 2003); repertory grid (Ryan and O’Connor, 2009); formal
concept analysis; pathfinder network scaling (Rose et al., 2007); Yale’s SJT’s method that was developed
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by Sternberg (1993, 1995 & 2000) and the Subramaniam and Venkatramann’s (2001) scale. Given the
possibility that organizational tacit knowledge can be operationalized and measured as shown above and
that one of the potential consequences of voluntary employee turnover is the loss of organizational tacit
knowledge (Akerele, 2019; Mohr et al., 2012), it also seems likely that both concepts may be negatively
related. For example, Park and Shaw (2013) argue that voluntary employee turnover may result into the
loss of organizational tacit knowledge; while Guidice et al. (2009, p. 146) also argue that voluntary
turnover may depress organizational tacit knowledge. Against this theoretical background, this study

proposes the following hypothesis that is mapped to the proposed conceptual model in figure 2:

H1: Organizational tacit knowledge is negatively related to voluntary employee turnover rates

This relationship can also be represented as;

OTK= f (VET rate), where organizational tacit knowledge is the dependent variable (DV) and voluntary
employee turnover rate is the independent variable (IV).
VOLUNTARY EMPLOYEE TURNOVER THEORIES

For many years, the theories that underlie voluntary employee turnover have been classified into
“traditional turnover theories” and “contemporary turnover theories” (Hussain and Deery, 2018; Mitchell
et al., 2001; Lee and Mitchell, 1994). The traditional domain of these turnover theories emerged from the
seminal works of March and Simon (1958) who developed a “theory of organizational commitment” and
argued that the two strongest predictors of employee commitment to organizations are “perceived
desirability of movement” and “perceived ease of movement” (Mayer and Schoorman, 1998). Following
this period, more studies were carried out on the March and Simon’s (1958) theory and the two concepts
of “perceived desirability of movement” and “perceived ease of movement” were replaced with “job
availability”, “job dissatisfaction” and “job alternatives” as the critical predictors of turnover intentions
(Maertz and Kmitta, 2012). However, research has also shown that some other scholars have made
enormous contributions to much of what has been understood as the traditional theories of turnover,
including for example, people like Mobley (1977), Hulin et al. (1985); Steers and Mowday (1981) and
Price (1977). Notably, these traditional models have been flawed for being successful at predicting only
40% of quit decisions (Lee, 2008) and for lacking the ability to take into account the inter and intra
organizational factors that influence employees’ decisions to quit their jobs (Griffeth et al., 2000 cited in
Lee et al., 2004). In fact, other studies also show that the variables of job satisfaction, job alternatives and
job availability have only been successful at explaining 10% of variance in employees’ turnover decisions

(Lee et al., 2004). Due to the numerous flaws, gaps and inconsistencies in the traditional models of



S21VCO008

understanding and predicting voluntary turnover in organization, the contemporary versions were
developed by scholars like Mitchel et al. (2001) who developed the job embeddedness theory; Lee and
Mitchell (1994) who developed the unfolding model; Allen (2008) who developed a ‘“contemporary
model” of turnover in figure 5 and Zimmerman and Darnold (2009) who developed a simplified model of

turnover in figure 6.

FIGURE 5: A CONTEMPORARY MODEL FO EMPLOYEE TURNOVER
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Source: Allen (2008 cited in Allen et al., 2010, p. 53)

FIGURE 6: A SIMPLIFIED MODEL OF VOLUNTARY EMPLOYEE TURNOVER

Job Job Voluntary
Performance Satisfaction Turnover

Source: Zimmerman and Darnold (2009)

However, of all these contemporary versions, the job embeddedness theory still seems the most
comprehensive for understanding the inter and intra organizational factors for predicting turnover
intentions (Allen et al., 2010), which is the very reason for its adoption in this study. Developed by
Mitchel et al. (2001), the job embeddedness theory “provides a solid theoretical framework for
explaining why employees stay with an organization by incorporating a wide array of on-the-job and off-
the-job forces that influence employee retention” (Martdianty et al., 2016, p. 87-88). It is a concept that
has been found to not just predict intention, but actual turnover rates (Mitchell et al., 2001, p. 1112). The

9
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central thrust of the job embeddedness theory is the perception that the decision by employees in an
organization to quit their jobs is not just going to be influenced by on the job factors, but by off the job
factors, both of which may be working together each time an employee is considering leaving an
employer (Allen et al., 2010; Afsar and Rehman, 2017). These on the job factors are generally referred as
“on-the-job embeddedness” variables, while the off the job factors are referred “off the job
embeddedness” variables (Kaifeng et al., 2012; Crossley et al., 2007). Allen et al. (2010) argue that the
job embeddedness theory is driven by the concepts of links, fits and sacrifices, and that employees
considering leaving their jobs would be influenced by six variables referred to as; links to organizations;
links to communities; fits to organizations; fits to communities; sacrifices to organizations and sacrifices

to communities.

In a much more detailed attempt at conceptualizing the job embeddedness theory, Allen et al. (2010, p.55)
argue that “links are connections with other people, groups, or organizations, such as co-workers, work
groups, mentors, friends, and relatives; fit represents the extent to which an employee sees himself as
compatible with his job, organization, and community; and “sacrifice represents what would be given up
by leaving a job, and could include financial rewards based on tenure, a positive work environment,
promotional opportunities, and community status”. Thus, while most of the other traditional and
contemporary theories for understanding turnover still offer some benefits to the turnover domain of
research, the job embeddedness theory seems the most comprehensive and appropriate for adoption in this
study, given its unique way of focusing on the internal and external factors surrounding an employee prior
to making voluntary quit decisions. However, the job embeddedness theory has also been flawed on many
grounds. For example, some studies have shown that it’s still quite recent in history and given this,
changes might still be made on the theory (Zhang et al., 2012). Further, some other studies have shown
that “off-the-job embeddedness was significantly predictive of subsequent voluntary turnover and
volitional absences, whereas, on-the-job embeddedness was not” (Lee et al., 2004, p. 717). Another major
criticism against the use of the job embeddedness theory relates to findings from Coetzer et al. (2017),
who noted that the application of the theory may be influenced by organizational size, given that in a
previous empirical study, it only predicted turnover intentions in a large organization and not in a small
organization. In fact, Coetzer et al. (2019) in a recent study, found a negative relationship between “on-
the-job embeddedness” and each of its sub-dimension and turnover intention. However, despite its flaws
and inconsistent results, the job embeddedness theory was found to be more relevant for the current study,
because of its ability to consider multiple inter and intra organizational factors that the other models do
not presently consider. Against this background, this study proposes the following hypothesis that is

mapped to the propositional model of figure 2
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H2: Job embeddedness is negatively related to voluntary employee turnover rates

This relationship can be represented as follows

VET rate =f (JE), where job embeddedness is the independent variable (IV) and voluntary employee

turnover rate is the dependent variable (DV).

HUMAN CAPITAL INVESTMENT

According to the human capital theory, “the accumulation of firm-specific human capital embodied in a
workforce determines workforce performance” (Strober 1990, cited in Shaw et al., 2005, p. 51). Many
past studies have linked organizational tacit knowledge to human capital investment (Mahoney and Kor,
2015; Smith, 2003; Allen et al., 2010). Human capital investment has been defined as the “expenses that
a firm incurs to attract, develop, and motivate employees with expectations of future returns”
(Bhattacharya and Wright, 2005 cited in Bhattacharya et al., 2014, p. 88). In this study, human capital
investment is seen as a potential moderator of the relationship between organizational tacit knowledge
and voluntary employee turnover rates and the relationship between voluntary employee turnover rates
and job embeddedness. Theoretically, the most pervasive form of investments in human capital are
investments in training, education, medicals, selection and incentive-based pays (Kwon and Rupp, 2013;
Bailey et al., 2013; Goldin, 2016). However, of all these forms of human capital investments, investment
in training seems to be the most pervasive among small firms (Hotheinz, 2009; Ganotakis, 2012). The
human capital literature provides some evidence that there are two levels of human capital, namely, the
firm and individual levels (Fulmer and Ployhart, 2014). According to Coff and Raffiee (2015), the focus
on attitudinal and performance issues is dominant at the individual level of human capital studies, while

the focus on employee retention is dominant at the firm level of human capital studies.

However, other studies have also stretched the description of human capital to capture the macro and
micro aspects of human capital. For example, Campbell (2012a cited in Coff and Raffiee, 2015, p. 326)
argue that the micro level of human capital focuses on understanding variations in individual or group
performances, while the macro level focuses on understanding employee retention issues. In summary,
there seems to be a relationship between human capital and turnover given that turnover seems capable of
diminishing human capital (Dess and Shaw, 2001). Therefore, it seems likely for level of investment to
moderate the relationship between organizational tacit knowledge and voluntary employee turnover rates.
Further, research has shown that investment in training and in medicals are part of the components of

“on-the-job-sacrifices” that employees would have to give up if they voluntarily quit their jobs (Allen et
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al., 2010). Notably, “on-the-job sacrifice” is a key component of the job embeddedness construct
(Mitchell et al., 2001). Since investment in training is one of the dominant types of human capital
investment in organizations (McGuirk et al., 2015), it seems likely for level of investment in human
capital to moderate the relationship between job embeddedness and voluntary employee turnover rates.
Against this above theoretical background, this study seeks to propose the following hypotheses that are

mapped to the propositional model in figure 2.

H3a: Levels of investment in human capital will increase the scale of the negative relationship

between organizational tacit knowledge and voluntary employee turnover rates.

H3b: Levels of investment in human capital will increase the scale of the negative relationship

between job embeddedness and voluntary employee turnover rates.

Both hypotheses can also be represented as follows:

OTK = f (LHC*VET rates); VET rates= f(JE*LHC) where LHC in both cases refers to Level of

Investment in Human Capital, the moderating variable.

METHODOLOGY
SAMPLE ATTRIBUTES
In the Greater Toronto Area (GTA) of Ontario, Canada, there are a total of 150 small and medium size
education and training businesses. These organizations were included in the sample size for this study and
were electronically administered a 44 item, 7-point Likert-based questionnaires over a period of six
months. This sample selection strategy seems consistent with the purposive sampling method which
focuses on the selection of samples based on “certain units or cases for a specific purpose rather than
randomly” (Tashakkori and Teddlie, 2003, p 713). These 150 respondents were categorized as executives
or non-executives who have sufficient knowledge and information about their organizations in terms of
organizational tacit knowledge, job embeddedness, voluntary employee turnover and level of investment
in human capital. The email addresses of each of these organizations were retrieved from their websites
and compared with those registered on manta.com for verification purposes. Manta.com is the Canadian
government approved online database for small and medium size enterprises. Of this sample size, 93
useable responses were received, representing 62% response rate. However, of the 93 responses received
for voluntary employee turnover rates, 11 were removed as they were found to be responses that do not

represent voluntary employee turnover rates. Historically, the typical response rate in the Canadian SME

12



S21VCO008

sector is between 23.4% and 52.2% per region (Industry Canada, 2018). Due to the need to examine the
lagged effects of turnover and training expenses on other variables, data for voluntary employee turnover
rates and training expenses were collected for the year 2015 and 2016 to examine the possibility for
turnover and training expenses at different periods to have differential impacts (or would be impacted
differently). Previous studies have shown that lagged effects do consider the relationship between the data
collected for a dependent variable in the past and those collected for an independent variable in the

present (Guo et al., 2004).

MEASURES
The propositional model in figure 2 was designed to address the following sets of conceptual
relationships. In this first conceptual relationship, organizational tacit knowledge was set as the dependent
variable (DV), while voluntary employee turnover rate was set as the independent variable (IV). In the
second conceptual relationship, job embeddedness was set as the independent variable (IV), while
voluntary employee turnover rate was set as the dependent variable (DV). For both relationships, level of
investment in human capital was set as the moderating variable. For voluntary employee turnover rates,
the formula developed by Morell (2002) for calculating actual voluntary employee rates was adopted for
this study, while the 26-item scale developed by Mitchel et al. (2001) was adopted for measuring job
embeddedness. Originally, Mitchell et al. (2001) compiled a list of 42 items that are mapped to “on-the-
job embeddedness” and “off-the-job embeddedness”, but in subsequent studies, the questionnaire was
found to contain too many items, many of which were more specific to the setting in which Mitchell et al.
(2001) study was based. Against this background, researchers such as Li et al. (2016) and Nafei (2014)

reduced the items in the scale to 20 and 18 respectively, without compromising the validity of the scale.

Further, in another similar study, Lee et al. (2004) reviewed this scale and reduced the items from 42 to
34; Holtom et al. (2006) reduced the items from 42 to 21, while Cunningham et al. (2005) also removed
many of the items in the scale in a manner more fitting to the setting of the sample being studied. This is
against the background that it is possible to adjust the items in the job embeddedness scale to a specific
research setting (Wang and Ye, 2013). Finally, it was observed that Mitchell et al. (2001) developed the
job embeddedness measurement scale with data that were collected at an individual level of turnover
measurement. A close observation of the scale shows that there were many items that related to personal
information about individual employees at a grocery store and in a hospital, which none of the executives
that would complete the questionnaire would be able to answer. For example, there were questions like,
“how many of my close friends live nearby”? and “how many of my close family members live nearby”?,

which were found irrelevant at an organizational level of measuring “off-the-job” or “on-the-job”
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embeddedness. Consequently, such items were taken out of the scale. Thus, for this study, the items in the
Mitchell et al. (2001) were reduced from 42 to 26 without compromising the validity of the scale. Further,
the final list of 26 items was compared to those that were used by Li et al. (2016); Nafei (2014) and
Holtom et al. (2006) and were found to have consistently covered all critical items that focused on “off-
the-job” and “on-the-job” embeddedness. Further, for organizational tacit knowledge, the 6-item scale
developed by Subramaniam and Venkatramann’s (2001) was adopted for this study. This scale has been
adopted in past studies for capturing organizational tacit knowledge, including for example, a recent
empirical study by Perez-Luno et al. (2016) to model the relationship between tacit knowledge and firm’s
entrepreneurial market orientation. while for levels of investment in human capital, the 3-item scale
developed by Bae and Lawler (2000) and Snell and Dean (1992) for categorizing levels of investment in
human capital into high or low levels was adopted in this study. Finally, the 2-item scale developed by
Kor and Leblebici (2005) for measuring training expenses was adopted for this study. To ensure internal
consistency among all items in the above scales, reliability tests were conducted for each instrument and
as shown in table 1, all had alphas between 0.799 and 0.928. Notably, Dwivedi et al. (2006) argue that

high Cronbach values signify high reliability of the items that have been selected in an instrument.
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TABLE 1: SUMMARY OF SCALES

Voluntary Job 26 Links to 26-item Likert | Mitchel et al. (2001);
Employee Embeddedness organization, fits to | scale Holtom and
Turnover organisation, questionnaire Inderrieden, (2006);
(intention) sacrifice to with Cronbach | Crossley et al. (2007)
organization, link alpha =0.865 and Regts and
to community, fits Moleman (2012)
to community and
sacrifice to
community
Voluntary Voluntary 2 Leavers in a year; 2-item survey Morrell et al. (2001);
Employee Employee & average number | questionnaire. | Morrell (2002); Park
Turnover Turnover Rates of staffs in post Cronbach’s and Shaw (2013)
(actual during year Alpha =0.858
turnover)
Organizational | Levels of 6 Simplicity of 6-item Likert Subramaniam and
Tacit organizational information; ease scale Venkatramann’s
Knowledge tacit knowledge of documentation questionnaire (2001)
of information; with
ease of Cronbach’s
understanding of Alpha =0.853
information; ease
of communication
of information;
ease of
transparency of
information to
competitor; ease of
identification of
information
without personal
experience
Investment in | Level of 3 Level of funds 3-item Likert Kwon and Rupp
Human investment in invested in training; | scale (2013); McGuirk et
Capital training level of varieties of | questionnaire al. (2015); Bae and
(high/low) training; and types | with Lawler (2000), and
of training Cronbach’s Snell and Dean
Alpha =0.799 (1992)
Training Total annual 2 Total yearly ($) 2-item survey Kor and Leblebici
Expenses expenditure on expenditures on question with (2005) and Hofheinz
employee training of Cronbach’s (2009)
training employees Alpha =0.928

Source: Akerele (2019)
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For this study, job embeddedness comprises of on-the-job embeddedness and off-the-job embeddedness.
Conceptually, on-the-job embeddedness includes three sub-dimensions which are fit to organization, links
to organization and sacrifice to organization, while off-the-job embeddedness also includes three sub-
dimensions which are fit to community, links to community and sacrifice to community. Each of these six
sub-dimensions represent job embeddedness and were all used in the analysis of the collected data. The
rationale behind this is that “employing all six sub-dimensions of job embeddedness will help to predict
the relationship between turnover intentions and actual turnover rates better than using job

embeddedness as a block” (Halvorsen et al., 2015).

TABLE 2: RELIABILTY OF INSTRUMENTS

Job Embeddedness 0.865 26
Organizational Tacit Knowledge (OTK) 0.853 6
Voluntary Employee Turnover Rates 0.858 2
Levels of Investment in Human Capital (LHC) 0.799 3
Training Expenses 0.928 2
CONTROL VARIABLES

For this study, a total of four control variables were included in the analysis and these include “type of
organization”, “business location”, ‘“size of organization”, and the “number of years since the
organization was formed”. These four variables have been identified in past studies as capable of
influencing turnover rates (Min, 2007). Further, some studies have shown a link between organizational
size and turnover (Coetzer et al., 2017), while location, a component of off-the-job embeddedness has

been found to be related to turnover intention (Coetzer et al., 2019; Allen et al., 2010).

DATA ANALYSIS AND HYPOTHESIS TESTING
The data collected in this study were analyzed with the aid of correlation and linear regression methods.
Further, the findings from the correlation outputs in figures 7 and 8 and the findings from the regression
outputs in figures 9, 10, 11 and 12 were the basis for analyzing hypotheses H1, H2, H3a and H3b. In
particular, linear regression was found suitable given its potential to predict the values of a dependent
variable with respect to a set of explanatory variables (Tranmer and Elliot, 2008, p.3). A p-value of 0.05
was selected as the basis for examining the level of significance of the relationship between

organizational tacit knowledge and voluntary employee turnover rates as well as the relationship between
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job embeddedness and voluntary employee turnover rates. To conduct the linear regression, four relevant
model assumptions were identified and tested in SPSS. These included tests for linearity; multi-
collinearity; normality and homoscedasticity. Li et al. (2012) argues that these four approaches would
provide support for the adoption of a linear regression as a method for analyzing data. Thus, multi-
collinearity was tested be ensuring that the VIF (variance inflation factor) was less than 10; linearity test
was conducted by using the Shapiro-Wilk option on SPSS, which in this case showed that p<0.05;
normality test was conducted and verified with the aid of the histogram and box plots that are shown in
the appendix; and the assumption for homoscedasticity was checked using the scatterplot diagrams in the
appendix. Further, the data on voluntary employee turnover were transformed to ensure normality using
the LoglO transformation option on SPSS. Finally, the regression model was only fitted for the data
obtained for voluntary employee turnover rates in 2015 because there was no significant relationship

between the data obtained for voluntary employee turnover rates in 2016 and all other variables.

RESEARCH RESULTS

Figure 7 shows that voluntary employee turnover rates in 2015 and organizational tacit knowledge (TK)
are negatively related with a statistically significant relationship (r= -0.277; p <0.05). However, while
organizational tacit knowledge was found to be negatively related to voluntary employee turnover rates in
2016, this relationship was statistically insignificant (r=-0.161; P>0.05), a situation that suggests that
differential effects of turnover rates could be experienced at different times (lagged effect). Together,
these results provide partial support for hypothesis, H1. Further, as shown in figure 7, level of investment
in human capital (LHC) was found to be positively related to organizational tacit knowledge (r=0.638;
p<0.05), and with a statistically significant relationship. Similarly, the output in figure 8 shows that
FittoCom (Fit to Community), one of the sub-dimensions of “off-the-job embeddedness” is negatively
related to voluntary employee turnover rates in 2015 with a statistically significant relationship (r=-0.262;
p<0.05). However, none of the remaining five sub-dimensions of job embeddedness (two sub-dimensions
from off-the-job variables and three sub-dimensions from on-the-job variables) were found to be of any
statistically significant relationship with voluntary employee turnover rates in 2015 and 2016. Taken
together, these results also provide partial support for hypothesis, H2. Incidentally, a previous study
showed that “off the job embeddedness” was more predictive of voluntary employee turnover than “on
the job embeddedness” (Lee et al., 2004, p.717). Finally, the output in figure 8 also shows that level of
investment in human capital (LHC) is positively related to two sub-dimensions of “on-the-job
embeddedness” which are Sacrorg (Sacrifice to organization) (r=0.622; p<0.05); and Fitorg (Fit to

organization) (r=0.340; p<0.05) and to one sub-dimension of “off-the-job embeddedness” which is
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SactoComm (Sacrifice to community) (r=0.392; p<0.05). Notably, investment in training, a type of

human capital investment, has been linked to “on-the-job embeddedness” (Allen et al., 2010).

FIGURE 7: CORRELATION OUTPUTS 1

Variable 1 2 3 4 5
1. LHC
2. Total Training Expenses 0.216*
in 2015 ($)
3. Total Training Expenses 0.209* 0.872*
in 2016 ($)
4. TK 0.638** 0.133 0.107
5. Voluntary Employee -0.052 -0.057 -0.064 -0.277%*
Turnover

Rates in 2015 (%)

6. Voluntary Employee -0.018 -0.014 -0.021 -0.161  0.778**
Turnover

Rates in 2016 (%)

Note: TK is Tacit Knowledge; LHC is the Level of Investment in Human capital

Correlation is significant (*) at P<0.05

For items 6-7 in figure 8, Fit to Community is abbreviated as FittoCom; Fit to Organisation is
abbreviated as FitOrg; Link to Organisation is abbreviated as LinkOrg; Sacrifice to Organisation
is abbreviated as SacrOrg; Link to Community is abbreviated as LintoCom and Sacrifice to

Community is abbreviated as SacrtoCom.
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FIGURE 8: CORRELATION OUTPUTS 2

Note: LHC is Level of Investment in Human Capital; Correlation is significant (*) at P<0.05

Variable 1 2 3 4 5 6 7 8 9 10
1. LHC
2. Total Training 0.216%*
Expenses
in 2015 ($)
3. Total Training 0.209* 0.872*
Expenses
in 2016 ($)
4. Voluntary Employee -0.052 -0.057 -0.064
Turnover
Rates in 2015 (%)
5. Voluntary Employee 0.018 0.014 0.021 0.778*
Turnover
Rates in 2016 (%)
6. FittoCom 0.165 0.018 0.071 -0.262*  -0.204
7. FitOrg 0.340* 0.072 0.122  -0.166 -0.064 0.664*
8. LinkOrg -0.113 0.086 0.062  -0.164 -0.164  -0.067 -0.064
9. SacrOrg 0.622%* 0.170 0.167  -0.289 -0.068 0.353* 0.685* -0.100
10. LintoCom -0.039 0.027 0.115 -0.173 -0.207 0.129 -0.017 -0.013 -0.063
11. SacrtoCom 0.392%* 0.095 0.173  -0.196 -0.106 0.572* 0.630* -0.087 0.561*  0.172
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Figure 9: Modelling Tacit Knowledge with Voluntary Employee Turnover Rates in 2015

Model 1
R R-Square Adjusted R-Square Std Error of the Estimate
277 077 061 1.00778

Coefficients

Independent

Variable B Standard Error Beta t P  VIF R-Square

Constant 4.396 410 10.72  .000

Voluntary Employee -0.785 357 =277 -2.198 0.032 1 077

Turnover Rates

Note: Dependent variable=Organizational Tacit Knowledge; Independent variable=voluntary
employee turnover rate
Note: *P<0.05

Figure 9 is the output from model 1. As shown above, 7.7% of the variation in the degree of
organizational tacit knowledge can be explained by voluntary employee turnover rates in 2015. Further,
the results in figure 9 shows that, a one-unit increase in the rate of voluntary employee turnover seems
capable of yielding a 27.7% decrease in the degree of organizational tacit knowledge (f=-0.277; p<0.05).
But, when the effects of size of organization, location, type of organization and number of years since
organization was formed were controlled for in model 2 as shown in figure 10, only 24.9% of the
variation in the degree of organizational tacit knowledge can be attributed to voluntary employee turnover
rate in 2015, with “number of years since your organization was formed” being the only control variable
of any statistical significance (f =-0.326; p<0.05). Further, this result shows that a one-unit increase in the
number of years since a small and medium size enterprise was formed can decrease the degree of
organizational tacit knowledge by 32.6%. However, when level of investment in human capital was
introduced as the moderator in model 3 as shown in figure 10, voluntary employee turnover rate seems to
be capable of explaining only 48.2% of the variation in the degree of organizational tacit knowledge.

Further, “training expenses” and all the control variables seem to be of no statistical significance in model
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3. Finally, the results in figure 10 show that the scale of the negative relationship between voluntary
employee turnover rates and organizational tacit knowledge could be further increased by 86.3% with a
one unit increase in levels of investment in human capital (6=0.863; p<0.05). This provides support for

hypothesis H3a.
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Figure 10: Modelling Tacit Knowledge with Voluntary Employee Turnover Rates in 2015,
Control Variables, Training Expenses and Moderating Variable

Model Summary

Model R R-Square Adjusted R-Square Std Error of the Estimate
2 499 .249 148 96019
3 .695 482 401 .80471

Coefficients (Model 2)

Independent

Variables B Standard Error Beta t P VIF

Constant 4.863 7166 6.347 .000

Voluntary Employee -.0.501  .374 -177  -1.339 186 1.2

Turnover Rates (2015)

Size of Organization -.001 .000 -203  -1.617 .112 1.09

Location of your 165 281 078 0.586 .561 1.2

Company

Type of Organization .072 282 034 256 799 1.2

Number of years -.386 155 -326 -2.496 .016 1.1

Since organization

Was formed

Total Training 1.307E-6  .000 179 321 749 21.424

Expenses

In 2015

Total Training -8.164E-7 .000 -.106 190 .850 21.325

Expenses

In 2016

Dependent variable is Organizational Tacit Knowledge
Note: *P<0.05
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Coefficients (Model 3)
Independent
Variables B Standard Error Beta t P VIF
Constant 5.596 .660 8.478 .000
Voluntary Employee -2.523 525 -.892% 4805 .000 3.3
Turnover Rates (2015)
Size of Organization .000 .000 -.111 -1.038 304 1.1
Location of your -.023 239 -.011 -098 922 1.2
Company
Type of Organization .077 237 036 327 745 1.2
Number of years -172 137 -146  -1.257 214 13
Since organization
Was formed
Total Training -3.454E-8 .000 .047 -101 920 21.642
Expenses
In 2015
LHCVETRATES 019 .004 .863* 4.799 .000 3.1
2015

Note: *P<0.05

Note: Dependent variable is “Organizational Tacit Knowledge”

Moderating Variable is LHCVETRATES (Level of Investment in Human Capital x Voluntary
Employee Turnover Rates)
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Figure 11: Modelling Job Embeddedness with Voluntary Employee Turnover Rates in

2015
Model 1
R R-Square Adjusted R-Square Std Error of the Estimate
332 110 .010 36576
Coefficients

Independent
Variables B Standard Error Beta t P VIF
Constant 1.802  .384 4.693 .000
FitOrg .001 085 .003 013 990 29
LinkOrg -.086 .086 -.132 -1.001 .321 1
SacrOrg 028 078 .060 357 723 1.6
FittoComm -.128 122 -207  -1.052 298 23
LinktoComm -.131 152 -120 -859 394 1.1
SactoComm -.039 .086 -.080 -452 653 1.8

Note: *P<0.05

Dependent variable is “Voluntary Employee Turnover Rates in 2015”

Note: Fitorg is “Fit to Organization”; Linkorg is “Link to Organization”; Sacrorg is “Sacrifice to
Organization”; FittoComm is “Fit to Community”’; LinktoComm is “Link to Community”’; and
SactoComm is “Sacrifice to Community”

Although, the output of model 1 as shown in figure 11 shows that 11.10% in the variation in the degree of
voluntary employee turnover rates in 2015 is explained by job embeddedness, none of these six sub-
dimensions of job embeddedness are of any significance in explaining variations in the degree of

voluntary employee turnover rates in model 1 (p>0.05).
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However, when the effects of size of organization, location, type of organization and number of years
since organization was formed were controlled for in model 2 and model 3 as shown in figure 12, 22.5%
of variation in the degree of voluntary employee turnover rates in 2015 seems to be explained by job
embeddedness. Further, the results in figure 12 shows that, without the moderating variable, a one unit
increase in the “number of years since the organisation was formed” is capable of yielding a 30.6%
increase in the rate of voluntary employee turnover (f=0.306; p<0.05). However, when the moderator,
level of investment in human capital was introduced, none of the control variables are of any significance
to the variation in the degree of voluntary employee turnover rate. Finally, level of investment in human
capital was found to be of no statistical significance in moderating the relationship between job
embeddedness and voluntary employee turnover rate (=0.006; p>0.05), a result that fails to support
hypothesis, H3b.

Figure 12: Modelling Job Embeddedness, Control Variables, Training Expenses,
Moderating Variable and Voluntary Employee Turnover Rates in 2015

Model Summary

Model R R-Square Adjusted R-Square Std Error of the Estimate
2 474 225 027 36251
3 474 225 .006 36643
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Coefficients (Model 2)
Independent
Variables B Standard Error Beta t P VIF
Constant 1.073  .563 1.905 .063
FitOrg -.056 .095 -.146 -592 556 3.6
LinkOrg -.039 .095 -.060 -.407 .686 1.2
SacrOrg .040  .088 .086 454 652 2.1
FittoComm -.067 124 -.108  -.538 .593 24
LinktoComm -.130 153 -120 -850 400 1.2
SactoComm 010 .089 021 113 910 2
Size of Organization -6.170E-5 .000 -.047 -.325 746 1.2
Location of your 139 114 .186 1.217  .230 1.4
Company
Type of Organization -.042 113 -.056  -.371 713 1.3
Number of years 128 061 306%  2.088 .042 1.3
Since organization
Was formed
Total Training 1.469E-8 .000 -.057  .089 929  24.687
Expenses
In 2015
Total Training -2.266E-8 .000 -.083 -.132 896  24.120
Expenses
In 2016

Dependent variable is Voluntary Employee Turnover Rates (2015)

Note: *P<0.05
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Coefficients (Model 3)
Independent
Variables B Standard Error Beta t P VIF
Constant 1.074 571 1.880 .066
FitOrg -.056 .096 -.147 -.586  .560 3.7
LinkOrg -.039 .096 -.059 -.401 691 1.3
SacrOrg .038 110 .083 346 131 33
FittoComm -.066 125 -.108  -.532 597 24
LinktoComm -.130 157 -120  -.829 411 1.2
SactoComm .009 .095 019 .099 922 2.2
Size of Organization -5.991E-5 .000 -.045 -.292 72 1.4
Location of your 139 118 185 1.176 246 1.4
Company
Type of Organization -.042 115 -.056  -.367 715 1.3
Number of years 128 .064 307*  2.000 .051 1.3
Since organization
Was formed
Total Training 1.468E-8 .000 -.057  .088 930 24.687
Expenses
In 2015
Total Training -2.263E-8  .000 -.083  -.130 897  24.121
Expenses
In 2016
LHCIJE .001 021 .006 024 981 3.5

Dependent variable is Voluntary Employee Turnover Rates (2015)
Moderating Variable is LHCJE (Level of Investment in Human Capital x Job Embeddedness)
Note: *P<0.05
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DISCUSSIONS

The findings from this study are mixed in nature, demonstrating partial support for the propositional
model of figure 2. First, a negative relationship between organizational tacit knowledge (DV) and
voluntary employee turnover rate (IV) was proposed in hypothesis, H1. Based on the result obtained, this
relationship was supported for voluntary employee turnover rates for the year 2015, but not for the year
2016. This partial support seems consistent with previous theoretical arguments that suggest that the loss
of organizational tacit knowledge is one of the consequences of voluntary employee turnover (Dess and
Shaw, 2001; Shaw et al., 2005; Guidice et al., 2009 p. 146; Massingham, 2018). Secondly, this finding
offers some contributions to the tacit knowledge theory, given that many scholars have repeatedly viewed
tacit knowledge as a difficult concept to measure or operationalize. For example, scholars like Berman et
al. (2002); Cornell et al. (2013); and Schoenherr et al. (2014) have repeatedly argued that tacit knowledge
is the alternative to explicit knowledge, and by implication, is difficult to codify, transfer and
operationalize. Thus, by employing the Subramaniam and Venkatraman’s (2001) organizational tacit
knowledge scale in this study to measure and operationalize tacit knowledge at the organizational level,
and particularly within a small and medium enterprise context, further attempts at measuring the concept
in any future SME based research would be supported and strengthened. Lastly, most tacit knowledge
studies seem to be prevalent among United States scholars. Given the relatively scarce nature of tacit
knowledge intensive studies in the Canadian cultural context, findings from this study seem capable of
bridging some of the current gaps in the Canadian research environment. In the past, scholars like Boiral
(2002) and Harlow (2008) have conducted some tacit knowledge related studies, but not within the small
and medium size organizational context. Against this background, findings from this study seem capable
of deepening the knowledge of owners and managers of small and medium enterprises on the benefits and

consequences associated with varied degrees of tacit knowledge in their organizations.

Further, this study proposed in hypothesis, H2 that job embeddedness (IV) seems to be negatively related
to voluntary employee turnover rates (DV). Job embeddedness was operationalized by six sub-dimensions
mapped to “on-the-job embeddedness” and “off-the-job embeddedness”. Based on this, only a sub-
dimension of “off-the-job embeddedness” was found to be negatively related to voluntary employee
turnover rates, a situation that provides very limited and partial support for hypothesis H2. This seems not
surprising as it’s been noted earlier in this study that the job embeddedness theory, though, the most
comprehensive at understanding the inter and intra organizational factors influencing turnover intentions,
is still fraught with a lot of weaknesses and inconsistent results (Martdianty et al., 2016). In particular, it
was discussed in this study that scholars have found “off the job embeddedness” to be more predictive of

turnover than “on the job embeddedness” (Lee et al., 2004), and that the job embeddedness theory seems
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more successful at predicting turnover intentions in large organizations than in smaller ones (Coetzer, et
al., 2017). It was also mentioned in this study that the research into the use of the job embeddedness
theory within small organizations is quite thin (Ampofo et al., 2017) But, despite these flaws, and the
partial results obtained in this study, my findings still provide some contributions to theory and practice.
First, the application of the job embeddedness theory within a small and medium size organizational
context in this study is an attempt to further prove the relevance and applicability of the theory within
smaller organizations, thus expanding and reinforcing the scope of the theory, given the strategic role of
employee retention to the survival of small businesses (Rozsa et al., 2019). Secondly, these findings
would deepen the knowledge of turnover researchers on the potential aspects of the theory that need

adjustments for much better applicability within smaller organizational contexts.

Lastly, this study proposed in hypothesis H3a that levels of investment in human capital seem capable of
moderating the relationship between organizational tacit knowledge (DV) and voluntary employee
turnover rates (IV) in H3a and the relationship between job embeddedness (IV) and voluntary employee
turnover rates (DV) in H3b. Findings from this study seem to support hypothesis H3a, that levels of
investment in human capital is capable of moderating the relationship between organizational tacit
knowledge (DV) and voluntary employee turnover rates. However, these findings failed to support
hypothesis, H3b. Given that investment in training is one of the most pervasive forms of investments in
human capital (Ganotakis, 2012; Goldin, 2016), the findings in this study seem to align with many
previous studies that have found a link between organizational tacit knowledge and human capital. For
example, Mahoney and Kor (2015) noted that firm-level human capital is closely related to tacit
knowledge. It is therefore likely for levels of investment in training to be an important factor of
consideration to owners of SMEs in any future effort aimed at sustaining valuable organizational tacit
knowledge which is regarded as a critical source of competitive advantage to SMEs. This result also
offers some contributions to theory and practice. First, it seems to support the theoretical argument that
investment in training is a type of benefit that employees may be unwilling to sacrifice, a situation that
might ultimately be a predictor of turnover intention (Ng and Feldman, 2007). Secondly, findings from
this study would also be of immense benefit to the human capital literature by strengthening the focus of
researchers on studies related to “investment in training” as a tool for strengthening human capital
investment initiatives in SMEs for maximizing productivity and profitability. Finally, these findings
would also provide motivation for owners of SMEs to leverage on investment in training as a strategy for
minimizing voluntary employee turnover in their organizations. For hypothesis H3b that was not
supported, despite the theoretical linkages between investment in training and “on the job embeddedness”

(Allen et al., 2010), it seems likely that organizational size was responsible for this result. Consequently, a
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much better result may be obtained in a larger organizational setting or even within an SME context with

larger sample size.

CONCLUSION

Finally, this study has shown that organizational tacit knowledge and voluntary employee turnover are
negatively related, and the strength of this relationship can be influenced by level of investment in human
capital. Further, this study has also shown that a sub-dimension of job embeddedness and voluntary
employee turnover rates are negatively related. In summary, these findings demonstrate partial and mixed
supports for the proposed conceptual model, given some of the limitations experienced in this study. For
example, the strength of linear regression models has been linked to sample size (Knofczynski and
Mundfrom, 2008). While, some studies recommend that “a minimum sample size of 300 or more is
necessary to generate a close approximation of estimates with the parameters in the population” (Bujang
et al., 2017), others suggest that sample sizes need to be calculated using methods like pear methods,
statistical power methods and cross validity methods (Brooks and Barcikowski, 2012). But in this study,
all available SMEs in the education and training sector of the (GTA) Greater Toronto Area part of
Ontario, Canada were included in the sample size, out of which only 93 organizations provided their
responses. Of the 93 responses received for voluntary employee turnover rates in 2015 and 2016, 11 of
them were found unusable because the values reported as rates in the questionnaire did not represent the
required percentages for turnover rates. Thus, the limitation due to the availability of executives in SMEs
to complete the administered surveys impacted the sample size that was used for the study. It appears like
a much larger sample size would have provided a much large dataset that would have strengthened the

results of this study.

Further, the paucity of turnover studies in Canada with focus on small and medium size enterprises made
it quite challenging to find papers of Canadian origin that focus on the dynamics and challenges of
voluntary employee turnover and tacit knowledge within small and medium size enterprises as well as the
theories and models that underlie them. Finally, the theories on which the job embeddedness scale; the
tacit knowledge scale and level of investment in human capital scale were built seemed to have been
based on data obtained from traditionally large organizations. Measurement scales that are built on data
obtained from small and medium size organizations may likely provide more reliable and representative
measurements for job embeddedness; organizational tacit knowledge and level of investment in human

capital.
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Aside from the classifications discussed in this paper, some studies have further classified turnover into
functional turnover (the replacement of a poorly performing employee with a better performing employee
and dysfunctional turnover (the loss of a performing employee) (Wallace and Gaylor, 2012). Given this
classification, it seems likely for some incidences of voluntary employee turnover to be functional in
nature, a possibility that was not taken into account in the current study. First, a future study that seeks to
examine the relationship between organizational tacit knowledge and “functional voluntary employee
turnover” or the relationship between organizational tacit knowledge and “dysfunctional voluntary
employee turnover” at the organizational level might help to void this gap. Secondly, a future study that
seeks to examine the moderating effect of level of investment in human capital on the relationship
between organizational tacit knowledge and “functional or dysfunctional voluntary employee turnover” at
the organizational level might help scholars to understand the differences between the degree of variation
in the level of organizational tacit knowledge that can be explained by functional or dysfunctional
voluntary employee turnover rates. Thirdly, a future study that also considers the moderating effect of
level of investment in human capital on the relationship between job embeddedness and “functional or
dysfunctional turnover” will also make enormous contribution to the turnover theory, particularly within
the job embeddedness theoretical context. Such a study might be successful at predicting an inverse
relationship between all or some of the sub-dimensions of job embeddedness and functional or
dysfunctional turnover rates. Another important aspect of the turnover literature that should dominate
turnover scholars relate to the formula for calculating turnover rates. Traditionally, Morell (2002) argues

that turnover rates are calculated using the following formula:

Voluntary employee turnover rate = Leavers in a year * 100

Average number of staffs in post during year

Given the classification of turnover to functional and dysfunctional dimensions, it seems like the above
formula considers all employees that voluntarily leave an organization as a homogenous entity. The above
formula does not seem to capture the differences between turnover rates that are functional and those that
are dysfunctional. Therefore, a future study that seeks to develop specific formulas for calculating
turnover rates for dysfunctional and functional turnovers would be of immense benefits to the turnover
literature. According to In the job embeddedness literature, Halvorsen et al. (2015) argue that the use of
“fits”, “links” and “sacrifices in a “block approach” may fail to yield the expected results, while a much
better approach should be the use of the entire six sub-dimensions of job embeddedness. Given that the

job embeddedness theory is still undergoing a lot of developments, chances are that the understanding of
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scholars in this domain might be further deepened if each of the six sub-dimensions are individually

regressed against voluntary employee turnover rates.

Further, the need for more work to be done in the tacit knowledge domain cannot be overemphasized.
Many of the current instruments for measuring organizational tacit knowledge are not exclusive to smaller
organizations. It would be of immense benefit to the tacit knowledge discipline if more tacit knowledge
measurement theories and scales that are more relevant to SMEs are developed. Aside from these, it is
important to mention here that all units of analyses in this study are at the organizational level, given that
the research instrument was administered to executives in each of the responding organizations. A future
study that considers the relationship between individual tacit knowledge and voluntary employee turnover
would certainly strengthen the turnover literature and contribute towards the understanding of the
individual factors that shape turnover intention as well as tacit knowledge measurement and
operationalization. Finally, the current study was conducted from a Canadian cultural environment, and
thus the findings may not be generalizable across all cultural contexts. It is imperative for future empirical
studies to be conducted in places like the EU, the UK and even in Africa on the relationship between
voluntary employee turnover and organizational tacit knowledge within small and medium size
enterprises. Such an effort may also strengthen the current theoretical developmental efforts in the job
embeddedness domain if the theory is applied to other cultural contexts, given that some “off-the-job” and
“on-the-job” variables that are relevant to a Canadian cultural environment may not be relevant to other

cultures.
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APPENDIX 1

QUESTIONNAIRE

Respondents Demographic Characteristics

Level in
Organisation

Executive or Non-Executive (with no detailed knowledge about the
organisation) [ ]

Executive or Non-Executive [ ]
(with detailed knowledge about the organisation)

(Please provide

the following demographic details on behalf of your organisation)

Number of 1 0-5 years
years since ] 6-10 years
your []11-15 years
organization [1>15 years
was formed
Type of [l Education Consulting [] Training Consulting
Organisation
Location
(your city)
Size of
Organisation
Part A Tacit Knowledge Questionnaire (7-point Likert scale responses).
(Tacit knowledge is the knowledge common to all employees in your
organization for carrying out specific organizational tasks)
(Please indicate your level of agreement or
disagreement on each of the following items) a
<
A2 2 4 € 3 =
A <32 &8 3
1 Our consulting knowledge in this organisation is 123456 7
simple
2 Our consulting knowledge in this organisation is 123456 7
easy to identify without personal experience
3 Our consulting knowledge in this organization is 123456 7
obvious to all our competitors
4 Our consulting knowledge in this organisation is 123456 7
easy to precisely communicate through written
documents
5 Our consulting knowledge is easy to 1 23456 7
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comprehensively understand from written
documents

6 Our consulting knowledge is easy to 123456 7
comprehensively document in manuals or reports
Part B Level of investment in human capital (7-point Likert 3
scale responses) (Human capital are your employees) &
p 25 3
8 5 o .2 )
& < 2 A 24
< g & 5 A
3 .25z LB
ERERE R
2 & 8§ B § 2 &
n < v Z K A »n
1 This organisation spends a lot of money on 123456 7
employee training
2 This organisation provides employees with a variety 123456 7
of training and development programs
3 This organisation provides employees with 123456 7
structured training and development programs
Part C On and off the job embeddedness (7-point Likert
scale responses) (Job embeddedness refers to the §,
level of attachment employees have within and 2
outside of your organization) ® @ g) 3
83 5 g 2 B
& < £ A 2|
< 5 2 g a
=z 2T £ 3 =
@ 5 5§ 52
e »E% E 2 2
S 3z & A &
1 Consulting work in this organisation utilizes 23456 7
consultants’ skills well
2 Consultants feel like they are good matches for this 23456 7
organisation
3 If consultants stay in this organization, they can 23456 7
achieve most of their goals.
4 Consultants fit into our company’s culture 2 3456 7
5 Consultants like the authority they have in this 23456 7
organisation
Note: Community refers to the city in which your
business is located
6 This community is a good match for our consultants 2 3456 7
7 Our consultants think of the community they live as 23456 7
home
8 The areas our consultants live offer the leisure 23456 7
activities they like (sports, outdoors, cultural
activities and arts)
9 Consultants really love the place they live 2 3456 7
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10 Are all consultants married? Yes No
11 For those who are married, do their partners work Yes No
outside their homes
12 Do all consultants own the homes they live in? Yes No
13 How long on the average has each consultant
worked for this organization?
[11-2 years []13-4 years []5-6 years
[ 1 >6years
14 How long on the average has each consultant been
in their present positions?
[11-2 years []13-4 years []5-6 years
NG year
15 How many co-workers do consultants interact with
regularly?
] 1-2 (13-4 [15-6
>6
16 How many co-workers are highly dependent on each
consultant?
] 1-2 (13-4 [15-6
>5
17 Leaving this community will be very hard for your 23456
consultants
18 People respect your consultants a lot in this 2 3456
community
19 This neighborhood is safe 23456
20 Consultants have a lot of freedom on their jobs to 2 3456
decide to pursue their goals
21 Consultants are well compensated for their levels of 2 3456
performance in this organisation
22 Promotional opportunities in this organization are 2 3456
outstanding
23 The prospects for continuing employment in this 2 3456
organization are excellent.
24 The retirement benefits provided by this 2 3456
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organization are excellent

25 The training and development benefits providedby |1 2 3 4 5 6 7
this organization are excellent

26 Consultants will sacrifice a lot if they leave this 1 23456 7
organisation

Part D

What are the annual rates of employee turnover (%) in this organization over the last 2 years?
Please list them in this section. Note that, “Voluntary employee turnover rate is the proportion of
employees that have voluntarily resigned from their jobs”. It is calculated by using the following

formula.

Voluntary employee turnover rate = Leavers in a year * 100

Average number of staffs in post during year

For example, if in a year, 2 staffs resigned their jobs out of a total of 10 staffs you had that year,
voluntary employee turnover rate for that year=2/10*100=20%. Kindly use the following table as
guide for these data.

2015

2016

Part E

What are the total annual expenses on training ($) in this organization over the last 2 years?
Please list them in table given below.

2015

2016
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Appendix II: Where Organizational Tacit Knowledge is the dependent variable and
voluntary employee turnover rate is the independent variable (H1)

Frequency

Histogram
Dependent Variable: TK

Mean = 1 26E-15
Stel. Dev. = 0939

M =80

Regression Standardized Residual

Normal P-P Plot of Regression Standardized Residual
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Appendix III: Where voluntary employee turnover rate is the dependent variable

Scatterplot
Dependent Variable: TK

3=

Regression Standardized Residual

T T T
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T
2

Regression Standardized Predicted Value

and job embeddedness is the independent variable (H2)
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Histogram
Dependent Variable: VetNorm2015

Regression Standardized Residual
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— Std. Dev. =0.893
M =80
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Regression Standardized Residual

Normal P-P Plot of Regression Standardized Residual
Dependent Variable: VetNorm2015
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